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  Combo Loss = 𝛼 ⋅ BCE + ( 1 − 𝛼 ) ⋅ Dice Loss


  BCE = −  1  N   ∑  i = 1  N     [   y  i ⋅ log ⁡ (   p  i ) + ( 1 −   y  i )   ⋅ log ⁡ ( 1 −   p  i ) ]
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  [ 𝜖 , 1 − 𝜖 ]


  Dice Coefficient =   2 ⋅ ∣ Y ∩ P ∣ + smooth  ∣ Y ∣ + ∣ P ∣ + smooth


    ∣ Y ∩ P ∣


  Y


  P


    ∣ Y ∣


  ∣ P ∣


  smooth


    𝟏 𝟎  − 𝟒


  A c c u r a c y =   T P + T N  T P + T N + F P + F N


  D i c e =    | P r e d i c t i o n ∩ G r o u n d T r u t h | × 2   | P r e d i c t i o n | + | G r o u n d T r u t h |


  I o U =   | P r e d i c t i o n ∩ G r o u n d T r u t h |  | P r e d i c t i o n ∪ G r o u n d T r u t h |

