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Training Progress (10-May-2025 09:35:53)

Results

Validation accuracy: 83.00%
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Training Progress (10-May-2025 14:28:11)

Results
Validation accuracy: 100.00%
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Training Time
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\Validation accuracy: 100.00%
=== = Final Training finished: Max epochs completed
- Training Time
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Iteration: 700f 70
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  w ( t + 1 ) = w ( t ) − 𝜂 ⋅ 𝛻 w L ( w )


  𝛻 w L ( w )


  w  ( t + 1 ) = w  ( t ) − 𝜂 ⋅ 𝛼 w ⋅ 𝛻 w L  ( w )


  b ( t + 1 ) = b ( t ) − 𝜂 ⋅ 𝛼 b ⋅ 𝛻 b L ( b )


  252 × 0 . 8 = 201 . 6 ≈ 202


  B ⊂ D


  𝛻 L  ( w ) ≈  1   | B |   ∑  i ∈ B  𝛻 ℓ  ( w ;   x  i .   y  i )


  ∇ L ( w )


  ∇ l ( w ; xi . yi )


  ( xi . yi )


  | B |


  I t e r a t i o n s p e r E p o c h =   N  m i n i b a t c h s i z e   =  202 28 ≈ 7


  دقت =   تعداد پیش‌بینی‌های صحیح  کل پیش‌بینی‌ها × 100


  اطمینان = max ( score )   ∗   100


  L = −   ∑  i = 1  C    y  i l o g ⁡ (     y ^  i )


    y  i


      y ^  i

