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1 Channel Attention

2 Sparse Block

3 Feature Enhancement Block
4 Attention Block

5 Reconstruction Block

6 Gridding Phenomenon
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Convolutional Layer
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E Sigmoid Function

€D Element-wise addition

& Element-wise multiplication

Short skip connection (SSC)

Global Pooling
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5 Gridding Phenomenon
6 Spatial Attention Module
7 Global Max Pooling
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t Residual Attention Block

2 Hybrid Dilated Residual Attention Block
3 Downsampling

4 Receptive Field
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7 Kernel Basis Attention
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1 Channel Attention Module

2 Multi-scale Attention Dilated Residual Network
3 Dense Interval Transmission Block

4 Sparse Residual Block

> Dilated Residual Attention Construction Block
6 Noise Extraction Block
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2 Gridding Phenomenon
3 Explainable Neural Networks
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1 Multi-axis Features Fusion
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3 Internal Covariate Shift

4 Rectifier Linear Unit

5 Batch Normalization
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